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Abstract
This study documents the credit outcomes of older adults immediately before and after the onset of the
COVID-19 pandemic in the United States. On average, older adults experienced larger reductions in total
household debt relative to younger adults. However, there is significant heterogeneity, where older adults
with higher incomes experienced the largest declines, and lower-income older adults experienced an
increase in total debt. Overall, these data highlight important trends in the credit experiences of older
adults that may affect their future financial security.

Key words: Consumer debt; COVID-19; personal finances; retirement

JEL codes: D12; D14; D15

Over the past two decades, more older adults are carrying more debt into retirement than in prior gen-
erations (Moulton et al., 2019; Brown et al., 2020a, 2020b; Collins et al., 2020; Lusardi et al., 2020a). This
may not necessarily be a cause for concern, since household debt levels are not good or bad as long as
borrowers are effectively managing cash flows and balance sheets. However, recent studies indicate sig-
nificant heterogeneity in the types and amounts of debt held by older adults, with financially vulnerable
older adults holding higher-cost forms of debt and being more likely to experience debt-related financial
distress than older adults with higher levels of income and wealth (Brown et al., 2020a, 2020b; Butrica
and Karamcheva, 2020; Loibl et al., 2020). Given these trends, the onset of the COVID-19 pandemic in
early 2020 had the potential to exacerbate disparities in the debt experiences of older adults.

This study investigates how debt levels and credit outcomes changed among older adults during the
COVID-19 pandemic. There are multiple paths through which the COVID-19 pandemic may affect
the economic security of older adults. Disruptions to the economy and risk of disease spread led
many older adults who were working prior to the pandemic to exit the labor market (Cheng et al.,
2020; Moen et al., 2020; Goda et al., 2021; Quinby et al., 2021), thereby reducing income from
wages. Aside from labor market effects, the economic security of older adults is also a function of
their interaction with credit markets, including the use of consumer debt to finance consumption.

On the one hand, studies document reduced consumption in the general population after the onset
of the COVID-19 pandemic and a subsequent decline in consumer debt levels that can be attributed in
part to reduced consumption (Baker et al., 2020; Horvath et al., 2021). Aside from spending less in
general, people may have changed their rate of paying down of outstanding debt balances. Some of
the decline in debt levels, however, may be involuntary – as creditors also contracted their supply
of new credit during this period (Horvath et al., 2021). Thus, a decline in debt alone is not necessarily
a positive outcome, but requires further decomposition of its mechanisms. Further, households
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experiencing direct financial hardship as a result of the COVID-19 pandemic, through loss of wage
income or medical distress, faced challenges in paying their bills (Schneider et al., 2020; Clark
et al., 2021).

Some of these households were able to qualify for forbearance or payment accommodations which
prevented delinquency on debt payments, but this subsequently results in an increase in their level of
indebtedness. A recent study estimates that $2 trillion in consumer and mortgage debt entered forbear-
ance between March and October 2020 (Cherry et al., 2021). Debt in forbearance is not forgiven and
will need to be repaid later, either through lump-sum payments or by being re-amortized into the loan
balance. There is increasing evidence of disparities in exits from forbearance, where lower-income and
Black borrowers are less likely to catch up with payments (Gerardi et al., 2021).

While there are studies that analyze trends in credit and debt following COVID-19 in the general
population (Cherry et al., 2021; Horvath et al., 2021), this is the first study to focus explicitly on
older adults. To do this, we construct a national credit panel measured quarterly from the first quarter
of 2019 through the fourth quarter of 2020. The panel data includes a 1% random sample from the
more than 250 million adults in the United States with complete credit records, resulting in 2.5 million
adults aged 18 and older, of whom 1.2 million are aged 50 and older. Importantly, this sample includes
information for all members of the household who have credit, not just the randomly selected individ-
ual. This allows us to construct household measures of debt balances. In addition to traditional credit,
we supplement our credit panel with data on the use of alternative financial services (AFS) at the indi-
vidual level – allowing us to measure changes in reliance and use of high-cost forms of credit.

This study uses quarterly data before and after the start of the pandemic in March 2020 to estimate
changes in debt levels and other credit outcomes by age group, controlling for demographic and finan-
cial characteristics as well as for lifecycle patterns in the accumulation and repayment of debt. In add-
ition to these overall trends, this study also presents estimates for adults aged 50 and older by income
quartiles. These estimates provide insights into some key differences in trends in debt since the start of
the pandemic for lower- versus higher-income people.

1. Prior literature

1.1 Consumer debt and credit among older adults

Growing debt among older households in the United States has been observed in studies as early as
2013 (Collins et al., 2013; Trawinski, 2013). Recent research demonstrates an ongoing rise in debt car-
ried into consumers’ retirement years, with particularly striking increases in mortgage debt (Haurin
et al., 2019; Brown et al., 2020a, 2020b; Collins et al., 2020; Lusardi et al., 2020a) and for adults
aged 70 and older (Bhutta et al., 2020). But the increase is not restricted to mortgage debt, as balances
held in retirement years have increased for automobile loans, student loans, and credit cards as well,
even as mortgage, automobile, and credit card borrowing decreased for younger consumers (Haurin
et al., 2019; Brown et al., 2020b). Further, Brown et al. (2020b) demonstrate that the increase in debt
held in retirement arises not merely from a slowdown of debt originated during and after the Great
Recession; a substantial tilting of new mortgage and auto loan originations toward older borrowers,
and away from younger borrowers, between 2003 and 2017 was equally consequential. Older
Americans, then, are carrying more long-held consumer debt and more recently originated consumer
debt than their predecessors managed at similar ages. Such a steep increase in debt held late in the life
cycle might lead to difficulties in repayment. Yet, older borrowers reliably repay debt, even in the
recent decades of rising consumer credit in retirement (Brown et al., 2020b; Collins et al., 2020).
Still, older borrowers have unprecedented levels of debt heading into the COVID-19 pandemic.
This dynamic raises more concerns given the age-dependent health and economic risks of the
COVID-19 pandemic.

A small set of studies examine the likely implications of this rising debt for the financial security of
older people prior to the pandemic. Butrica and Karamcheva (2020) found that indebted older people
are more likely to work, less likely to be retired from the labor force, and, on average, expect to work
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longer than those with less debt. Collins et al. (2020) demonstrate that rising participation in mortgage
markets among retirees is tied to a rising rate of homeownership at older ages, with its attendant finan-
cial security implications. Loibl et al. (2020) describe the association between levels of debt, particu-
larly non-housing debt, and psychological stress for older adults. Lusardi et al. (2020b) establish and
estimate interest rate risk, and other financial risks, affecting retired borrowers as a result of debt at
older ages. Brown et al. (2020a) use near-retirement debt and other financial circumstances to project
economic hardship in old age for the cohorts in the United States that were nearing retirement in the
1990s and in the 2010s; they predict a substantial increase in hardship among older men from the
1990s to the 2010s cohort. Our study builds on this prior work, providing an initial look at the con-
sequences of the COVID-19 pandemic for the credit outcomes of older households.

1.2 COVID-19 and the financial security of older adults

There is a burgeoning body of literature on the economic consequences of the COVID-19 pandemic
for households in the United States. Most directly, several studies analyze changes in labor force par-
ticipation and unemployment in response to the COVID-19 pandemic (e.g., Cheng et al., 2020), with a
few studies focusing on labor trends among older adults (Moen et al., 2020; Goda et al., 2021; Quinby
et al., 2021). In a study of labor force exits using data from the Consumer Population Survey (CPS),
Cheng et al. (2020) find that adults aged 61 and older were more likely to exit the labor force in March
2020 than any other age group (aged 25 and older) and were less likely to re-enter the labor market in
April 2020.

Quinby et al. (2021) use CPS data to compare changes in labor force exits among adults aged 55
and older 1 year prior to the pandemic to 1 year after the onset of the pandemic. They find an 8 per-
centage point increase in exits from the labor force among older adults following the onset of the
COVID-19 pandemic. However, they observed only a 1 percentage point increase in the probability
of retirement following the onset of the pandemic. In a similar analysis with CPS data, Goda et al.
(2021) also document significant increases in labor force exits following the onset of the pandemic
for adults aged 50–61, with a smaller increase in exits for adults aged 62–70. In a separate analysis,
they analyze changes in Social Security retirement applications between March 2020 and March
2021, finding no evidence of a significant increase. Thus, older adults who left the labor force during
the COVID-19 pandemic do not appear to be offsetting the reduction in income with retirement ben-
efits in the short term, although the implications for longer term claiming behaviors are unclear.

Reductions in income may be offset in part by reductions in consumption. While not focused on
older adults, several studies document reductions in consumption and consumer spending associated
with the COVID-19 pandemic in the general population (Baker et al., 2020; Casado et al., 2020; Chetty
et al., 2020; Farrell et al., 2020; Horvath et al., 2021; Meyer et al., 2022). For example, Farrell et al.
(2020) find an overall 10% decline in consumer spending following the onset of the pandemic.
However, the effects on consumption are heterogeneous across several dimensions. Baker et al.
(2020) find that individuals living in areas with active shelter in place orders experienced larger reduc-
tions in consumption than individuals living in areas without such orders. Chetty et al. (2020) find
that much of the reduction in spending is concentrated among higher-income households; households
in the top income quartile spent 13% less as of mid-July 2020 relative to January 2020, whereas house-
holds in the bottom income quartile reduced consumption by only 4% during the same period. For
those experiencing a COVID-related loss of income, Farrell et al. (2020) find that receipt of
pandemic-related unemployment benefits is associated with a 10% increase in consumer spending
relative to the prior year.

Changes in income and consumption during the COVID-19 pandemic may be associated with
changes in consumer debt. Consumer debt can be an important source of liquidity to smooth con-
sumption for individuals experiencing a loss of income (Collins et al., 2015; Braxton et al., 2020),
thereby leading to an increase in debt. On the other hand, pandemic-induced reductions in spending
may lead to a decrease in the accumulation of new debt and may allow for the pay down of prior debt

Journal of Pension Economics and Finance 3

https://doi.org/10.1017/S1474747222000233  Published online by Cam
bridge U

niversity Press

https://doi.org/10.1017/S1474747222000233


balances. Using monthly account-level credit card data, Horvath et al. (2021) find a sharp decrease in
credit card balances following the onset of the pandemic, with the reduction being larger for indivi-
duals with higher credit scores. In addition to reductions in debt levels, there is some evidence for a
reduction in the rate of opening new accounts following the pandemic. The Consumer Financial
Protection Bureau (CFPB) (2020) found a 40% reduction in new credit card originations after the
onset of the pandemic.

Reductions in credit use could be the result of supply or demand. There is some evidence in line
with supply effects. Horvath et al. (2021) document a 4 percentage point increase in the interest rate
spread on new credit cards to borrowers with low credit scores following the onset of COVID-19, with
no change in the interest rate spread for higher credit score borrowers. Also in line with supply effects,
industry data indicate a 40% decrease in the aggregate credit limits on bankcards as of the fourth quar-
ter of 2020 relative to the fourth quarter of 2019 (Equifax, 2021). These studies highlight the import-
ance of considering not only changes in debt levels following the onset of COVID-19, but also the
mechanisms underlying changes in levels. While consumer debt can be a source of liquidity to smooth
consumption, required monthly payments can also be a source of financial strain – particularly follow-
ing an income shock. Typically, the onset of an economic crisis such as the COVID-19 pandemic
would trigger widespread consumer default on debt payments (Dettling and Lambie-Hanson,
2021). Indeed, many consumers reported difficulty paying bills following the onset of the
COVID-19 pandemic (Schneider et al., 2020; Clark et al., 2021). However, rather than being reported
as being in default on their debt payments, a large proportion of consumers were able to obtain tem-
porary suspension of their debt payments through forbearance. Using credit panel data, Cherry et al.
(2021) estimate that 60 million individuals had a collective $2 trillion in debt that was in forbearance
as of October 2020, including 4.6% of credit card trades, 8.8% of auto loans, 8.8% of mortgages, and
92% of student loans. They find that areas with higher unemployment rates, higher COVID-19 case
counts, and a higher share of workers employed in an ‘at-risk’ industry had higher shares of the popu-
lation with loans in forbearance.

While the studies described above shed some light on the trends in debt and credit for the general
population during the COVID-19 pandemic, they do not focus on trends among older adults expli-
citly. It is quite possible that the experiences of older adults – many of whom were out of the labor
force prior to the onset of the pandemic – differ from the experiences of younger adults. Further,
there is likely substantial heterogeneity among groups of older adults, with some emerging from
the pandemic in a significantly better financial position than before, while others emerge with higher
levels of debt and increased financial burden, placing economic security at risk.

We expect the net effect of the COVID pandemic on debt levels of older adults to vary based on
household income prior to the pandemic. For higher-income older adults, debt balances should
remain flat, or even decrease, relative to younger adults and lower-income older adults. This is due
to higher-income older adults being less reliant on more volatile sources of labor income during
the pandemic (Montenovo et al., 2021), combined with reduced consumption (Meyer et al., 2022)
that may have allowed higher-income older adults to accelerate debt repayment. For lower-income
older adults, debt balances should increase relative to higher-income older adults. This is due to lower-
income household’s higher reliance on more volatile labor income during the pandemic (Montenovo
et al., 2021), increases in relative consumption (Parker et al., 2022), and lower-income households’
higher use of payment forbearance or accommodations (Cherry et al., 2021) which delayed debt repay-
ment during the pandemic and would increase debt balances.

2. Data and methods

2.1 Data and sample construction

The primary data for this analysis are consumer-level credit attribute data from Experian, one of the
three national credit bureaus. Experian’s credit data include approximately 300 million unique con-
sumer records at any given point in time, representing more than 90% of the population in the
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United States aged 18 and older (Brown et al., 2015). We obtain a panel level dataset consisting of a 1%
random sample of consumers who were in Experian’s credit data as of a given quarter, beginning with
the first quarter of 2019 (Q1-2019) through the fourth quarter of 2020 (Q4-2020). The random sample
is generated by including all consumers in the sample with the same last two-digits of a unique ran-
domly generated eight-digit time-invariant consumer sequence number. This allows us to follow the
same randomly selected consumers over time, and allows new consumers to enter the sample over
time who also have the same last two digits of their consumer sequence number. This process is simi-
lar to that used to generate other established credit panels, such as the Federal Reserve Bank of
New York’s Equifax-sourced Consumer Credit Panel (CCP), see Lee and van der Klaauw (2010).

As of Q4-2020, the random sample includes over 3 million unique individuals. We exclude indi-
viduals with missing data for age or who do not have any trade data.1 We also exclude individuals
who are deceased as of a given quarter. Some of the outcomes for this analysis, such as debt levels,
are best constructed at the household level.2 A unique feature of our credit panel is that it includes
data for all other individuals with a credit file living at the same address at the same point in time as
the randomly selected individual. In our analysis sample, we have credit data for 6.73 million unique
individuals in the random sample aged 18 and older used to construct household debt levels.
Household level data also allow us to construct an indicator for the number of people with a credit
file in the household by quarter, and track changes in the number of people with a credit file in a
household over time.3

2.2 Credit outcomes

2.2.1 Total household debt
Total household debt is constructed as the sum of all debt held by all consumers aged 18 and older
with a credit file living at the same address as the randomly selected individual.4 Debt is defined to
include all trade types reported to the credit bureau, including mortgages, student loans, auto
loans, other installment loans, credit cards, other revolving trades, and collections (including medical
collections). The total includes debt that is current as well as debt that is delinquent or severely deroga-
tory, debt on accounts that are open or closed, and debt that is deferred (e.g., deferred student loans or
trades in payment accommodations or forbearance). To avoid double counting, we identify any trades
that are jointly held and divide by two before aggregating to the household level (most common in
mortgages, auto loans, and other revolving trades).5 We also exclude from the total trades where
the individual is only an authorized user (most common in credit card trades). To address outliers,
we top code individual debt levels at the 99.5 percentile before aggregating.

1This process for cleaning potential problematic observations from the credit panel data is similar to that used to construct
other established credit panels, including the CCP (Lee and Van der Klaauw, 2010).

2Lee and van der Klaauw (2010), for example, describe steps that avoid double counting jointly held debt balances in credit
bureau data. In addition, previous economic research on consumer debt has relied primarily on survey data, and surveys typ-
ically collect asset and debt information at the household level. Brown et al. (2015) compare household-level debt balances in
survey and administrative data drawn from the Survey of Consumer Finances and Equifax, respectively.

3Household size changes are common and must be addressed when measuring household debt. As reported in Table 1,
roughly one quarter of older individuals live in households in which the number of adult household members with credit
reports changes over the course of a year; 40% of those under 50 live in households with changing member counts.
Bleemer and van der Klassuw (2017) show that 38% of 23–25-year-olds who have credit files and live with elders move
out over a 2-year period, while 17% of those living independently move home. Household size changes in extended families
that include multiple siblings aggregate across such moves, as well as deaths and divorces of parents and children, and there-
fore measures of household size change generate higher prevalence than do measures of individual mobility. Finally, we
expect that the pandemic itself generated a degree of household flux in 2020.

4We work with household-level debt, as survey measures typically reflect household-level debt, and so this allows compari-
son. Further, older households’ larger debt balances are typically mortgages, and these are commonly held jointly. We track
household debt in order not to mis-attribute low debt levels to older sample members whose spouses carry large mortgage
balances. Our approach follows the household-level debt analysis in Brown et al. (2015) among others.

5Here we follow the joint loan adjustment methods established in Lee and van der Klaauw (2010).
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2.2.2 Credit lines closed or cut by creditor
Creditors can restrict debt use by closing revolving lines of credit (home equity lines of credit and
credit cards) or by reducing the credit limit on revolving lines of credit. Such credit line closures
and cuts are commonly made by creditors when there is uncertainty in the macro-economic environ-
ment (Dempsey and Ionescu, 2021) or when an individual consumer’s repayment behavior or credit
record suggests financial duress (Federal Trade Commission, 2016). For this study, we construct a
combined indicator (0,1) of the randomly selected individual experiencing a creditor initiated closure
of a revolving credit line in a 6-month period or experiencing a decrease in the credit limit on revolv-
ing trades in a 6-month period. We then calculate the change in a consumer experiencing a credit line
cut or closure as of Q4-2020, relative to experiencing a credit line cut or closure as of Q4-2019.

2.2.3 Use of alternative financial services
In addition to traditional forms of credit, our data include information about the use of AFS from
Experian’s Clarity Services data. We construct an indicator (0,1) if the randomly selected individual
made a new inquiry for AFS credit that was reported in the Clarity data (by one of the Clarity cred-
itors) in a quarter. This identifies a consumer who is seeking higher cost, often short-term forms of
credit – a proxy for potential financial distress. For this study, we calculate the change in having any
Clarity inquiry at the consumer level before and after the onset of the COVID-19 pandemic (Q3-2019
and Q3-2020, respectively).

2.2.4 Payment delinquencies
For this study, we construct an overall indicator (0,1) of payment delinquencies that takes the value of
1 if the randomly selected individual was presently 60–180 days late on any debt payment in a given
quarter. This is aggregated across all debt types. It does not code as delinquent payments that are more
than 180 days late or derogatory (often in collections or charged-off), but instead is intended to cap-
ture debt that is recently delinquent.

2.2.5 Payment accommodations on installment loans
Following the onset of the COVID-19 pandemic, numerous consumers received accommodations on
their debt payments, including temporary suspension of required payments. Debts that are in accom-
modations are not coded as delinquent, even if the consumer does not make a payment for 60 or more
days. For federal student loans, forbearance was automatic. For mortgages federally insured by Fannie
Mae, Freddie Mac, or the Federal Housing Administration, forbearance was required as an option if a
homeowner sought leniency due to a COVID-19-related financial hardship. Many lenders of non-
federally insured mortgages also offered temporary forbearance during this period (Cherry et al.,
2021). There were no requirements for automobile and other installment lenders to offer forbearance
or payment accommodations; however, many offered temporary payment suspension without delin-
quency for distressed consumers.

We construct an indicator (0,1) that takes the value of 1 if an individual received any payment accom-
modations or forbearance in any quarter of 2020 on mortgages, automobile loans, personal loans, or
student loans. Because most student loans were in forbearance during 2020, we separately construct
an indicator that excludes forbearance on student loans. We identify payment accommodations and for-
bearance in the credit data as trades with a non-zero balance but with no required monthly payment, or
as trades coded by the creditor as in forbearance or as being affected by a natural disaster.6 This is a
commonly used approach to identify trades in forbearance or payment accommodations using credit
data (e.g., Cherry et al., 2021).

6For this study, we rely on a series of Spotlight Premier Attributes created by Experian to measure payment accommoda-
tions, including trades that have a non-zero balance with no required monthly payment (indicative of payment deferral or
forbearance), as well as trades with creditor codes for forbearance or natural disaster.
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2.3 Covariates

Table 1 reports on the covariates used in our analysis sample as of Q4-2019, which is the quarter prior
to the onset of the COVID-19 pandemic in 2020. We report covariates by age of the randomly selected
individual, in categories: <50, 50–51, 62–66, 67–71, and 72 and older. These age categories demarcate
specific policy thresholds in older age, including eligibility to claim early Social Security retirement
benefits (age 62), eligibility for full Social Security retirement benefits (age 67), and eligibility for larger
delayed Social Security retirement benefits (age 72).

Our first set of demographic indicators measures the number of adults aged 18 or older with a
credit file in the household of the randomly selected individual. This is a proxy for household size
but excludes children and people in the household who do not have a credit file. In our sample,
approximately 19–20% of the randomly selected individuals aged 62 and older live in households
with only one consumer. According to 2019 United States Census data, 28% of adults aged 65 and
older lived alone. The relatively low share of older adults living in single consumer households in
the credit sample may reflect the selectivity of people in credit data being those who are more con-
nected to the financial system and less likely to live alone. It may also reflect the difference between
the housing unit criteria used in the census to establish single living and the shared mailing address
criterion we apply to our Experian data. Further, there can be a delay between death and when a

Table 1. Summary distributional statistics for demographic and financial covariate factors by age: Q4-2019

Under 50 50–61 62–66 67–71 72+

Household size
HH size 1 16.5 16.9 18.8 20.2 20.6
HH size 2 36.1 34.4 39.6 42.9 39.4
HH size 3+ 47.4 48.7 41.6 36.9 40.0
HH decrease 19.8 17.2 14.9 12.9 12.2
HH increase 20.2 17.4 13.8 12.2 12.6
HH No Change 60.1 65.4 71.2 74.9 75.2
Men 52.3 49.7 48.5 48.3 46.4
Women 47.7 50.3 51.5 51.7 53.6

Household income
Income p25 38.4 16.9 11.9 9.3 4.8
Income p25–50 24.0 21.8 20.0 19.8 28.3
Income p50–75 20.2 26.4 30.6 33.9 41.4
Income p75+ 17.4 34.9 37.5 36.9 25.4

Credit score
<580 23.3 13.0 7.9 5.8 3.4
580–669 24.6 21.1 18.2 17.2 29.7
670–739 22.1 18.8 16.9 15.6 15.9
740–799 18.4 19.8 22.2 23.5 21.7
800+ 11.4 26.9 34.7 37.8 29.1
No credit score 0.3 0.3 0.2 0.1 0.1

Debt to income
No debt 6.8 7.8 12.4 15.4 22.4
DTI 1–29 67.9 70.1 70.3 67.8 43.6
DTI 30+ 10.9 10.5 6.3 4.5 1.6
Missing 14.4 11.6 11.0 12.3 32.4

Mortgage debt
No mortgage 52.6 47.1 53.2 58.2 67.5
Has mortgage 47.4 52.9 46.8 41.8 32.5

Race/ethnicity
Maj Black zip 5.6 5.0 4.4 4.8 4.6
Maj Hispanic zip 11.1 9.3 7.9 6.9 6.5
Maj White zip 75.5 79.0 81.6 82.9 83.9
No Maj zip 7.9 6.7 6.1 5.4 5.0

Each factor is share of total. Each section may not sum to 100 due to rounding. HH size and change based on the number of consumers per
address in credit record and does not represent standard definitions for households in other data. Income based on Experian ‘Insight’
imputed from tax form 1040-based models. Zip code race based on Census ACS shares of total population in zip code.
Source: Experian National Data Sample 2019–20.
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consumer no longer is reported in credit data which may bias the household size to be larger in credit
data, particularly at older ages. In addition to the measure of household size, we also construct indi-
cators for adding or losing a household member between Q4-2019 and Q4-2020. The majority shows
no change in household size, especially at older ages. We also include indicators measuring the gender
of the randomly selected consumer in the household as reported by Experian, with about 52% being
men, but declining to only 46% being men among the oldest group aged 72 and older. This reflects
predictable differences in mortality rates by age and gender.

Another set of indicators measure household income. Experian imputes household income for each
consumer using a proprietary model that predicts income based entirely on attributes in the consu-
mer’s credit file. We segment consumers by income quartile of the full credit population. As summar-
ized in Table 1, adults are progressively less likely to fall in the lowest population income quartile as
they age – with 38% of adults aged 18–49 falling in the bottom quartile relative to just under 5% of
adults aged 72 and older.

We also include indicators for credit score. We group credit scores following industry thresholds as
follows: <580, 581–669, 670–739, 740–799, 800 or higher. Scores below 580 indicate a very poor credit
history, whereas scores of 740 or higher are generally considered ‘prime’ scores. These thresholds are
selected based on industry standards for the VantageScore product that we use in these analyses, as
well as for similarly defined and scaled score products such as the FICO score. Experian and
Equifax, two of the three leading national credit bureaus in the United States, list these five credit
score ranges as the relevant credit score ranges used by lenders in underwriting.7 Credit scores tend
to increase with age (Brown et al., 2020b). It is thus not surprising that the proportion of older adults
with credit scores below 580 declines monotonically by age category in our sample, with 13% of adults
aged 50–61 having credit scores below 580 and only 3.4% of adults aged 72 and older having credit
scores below 580.8

We also include monthly debt burden using Experian-imputed household annual income and
monthly debt-to-income (DTI) variables as of Q4-2019. We rely on a common industry standard
of a DTI of 30% or higher indicating a consumer with high debt burden. We also include an indicator
for a consumer with no monthly debt payments (DTI = 0). The share of adults with an estimated DTI
of 30% or more declines with age in our sample, from 12% of adults aged 50–61, to only 2.3% of adults
aged 72 and older.

For mortgage debt, we also construct an indicator for a household holding any mortgage debt. As
summarized in Table 1, the share of individuals living in households with mortgage debt as
of Q4-2019 declines with age, from 53% of individuals aged 50–61 to 33% of individuals aged 72
and older.

Credit history data do not include any information on race or ethnicity. We use the 2019 American
Community Survey (ACS) 5-year estimates to categorize the majority race or ethnicity of the ZIP code
as follows: (1) majority Black if more than 50% of people in the ZIP code report their race as Black;
(2) majority Hispanic if more than 50% of the people in the ZIP code report Hispanic ethnicity and
not more than 50% report Black race; (3) majority White non-Hispanic if more than 50% of the peo-
ple in the ZIP code identify as White and not more than 50% report Hispanic ethnicity; and (4) no
majority race or ethnicity if there is no majority race or ethnicity in the ZIP code. In our sample, about
5% of randomly selected individuals live in majority Black ZIP codes, and 7–10% of adults aged 50 and
older live in majority Hispanic ZIP codes (decreasing by age group).

7For example, Experian lists score ranges: https://www.equifax.com/personal/education/credit/score/what-is-a-credit-
score/.

8The credit score in our data is the VantageScore 4.0, which is like the FICO score, in that both predict the consumer’s
likelihood of being 90 or more days past due on any credit obligation over the next 24 months, and both scores range from
300 to 850.
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2.4 Methods

We begin the analysis by describing the difference between the level of each credit and debt outcome
as of the end of Q4-2020 and the level of the outcome as of the end of Q4-2019 – essentially just before
the pandemic onset in March 2020 until the end of the calendar year. These descriptive statistics paint
a picture of debt trends by age group across each subgroup. A series of cross-tabulations compares the
levels of change in outcomes across categories of key covariates. This allows us to identify particular
groups of older adults who may be more or less affected by the COVID-19 pandemic. Estimating
change as of the end of the fourth quarter in each period holds constant seasonal variation in credit
use.

We next estimate a series of panel regression models predicting debt levels and delinquency on debt
from Q1-2019 to Q4-2020. The regression models allow us to control for lifecycle differences and
trends in debt and credit by age prior to the pandemic – thereby isolating the added pandemic effect
on debt and repayment outcomes. The empirical specification for these ordinary least squares models
is:

Y( )it = a + b0 Age
( )

it +b1 Pandemic( )t +b2 Age × Pandemic
( )

it +b3 D( )i +b4 V( )it
+ b5 Z( )i,z +b6 Q( )t + Ei,t

(1)

where Y is the level in the outcome for individual i in period t. D is a vector of individual time-
invariant characteristics as of the first quarter the individual enters the regression sample (typically
Q1-2019) including the number of adults in the household with a credit file, income quartile categor-
ies, imputed DTI ratio (in categories), credit score (in categories), and an indicator for holding a mort-
gage. V is a vector of time varying individual characteristics, including household status and gender of
the individual (single women, single men, not single household, other), as well as the change in house-
hold size as of time t. Age is vector of categorical variables defined in Table 1. Age varies over time to
control for age-specific lifecycle trends. The pandemic variable is a dummy indicator coded ‘1’ if the
quarter is the second through fourth quarters of 2020, and ‘0’ otherwise. The interactions of Age and
Pandemic are intended to estimate the differential change in Y during the COVID-19 pandemic for
each age group. Z is a vector of indicators for the majority race and ethnicity of the ZIP code
where the household is located, and Q is a vector of indicators for quarters two through four, to
account for seasonality. Finally, E is an idiosyncratic error term affecting individual i in period t
that we then cluster at the individual level to account for repeated individual observations over time.

To explore heterogeneous effects for older adults by income, we re-estimate equation (1) limiting the
sample to adults aged 50 and older. This version includes interactions by time with income quartile to
estimate the differential change in Y during the COVID-19 pandemic for older adults by income.

3. Findings

We begin with a visual analysis of the change in total debt amounts by age category in Figure 1a. This
graph plots percent changes in average total household debt from Q1-2019 through Q4-2020 among
people aged 18–50, 51–62, 62–65, 66–71, and then 72 and older. Debt balances grow faster for young-
est households in the second half of 2020 (the pandemic period), but decline for other age groups,
except for those 72 and older. The groups closest to retirement ages, in the 62–66 and 67–71-year-old
categories, show substantial declines in debt over the course of the pandemic, especially relative to the
younger 18–50 age group. Upon visual analysis, the pandemic is not associated with rising debt levels
for older workers or people approaching typical retirement years, but some modest increases in debt
for people aged 72 and older. Figure 1b shows a similar pattern in percent changes in average mort-
gage debt. Figure 1c shows a decline in credit card debt during the pandemic for all age groups, with a
similar ordering where 62–66 and 67–71-year-olds show larger and faster decreases in credit card debt
than those 50 and younger or 72 and older.
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Fig. 1. (a) Change in total household debt balance from Q1-2019, by age and quarter. Source: Experian National Data Sample
2019–20. N = 2.5M. The figure shows changes average debt balances by age group, with the larger declines in 2020 among people
aged 50 and older compared to people aged 18–50. (b) Change in mortgage debt balance, by age and quarter. Source: Experian
National Data Sample 2019–20. N = 2.5M. The figure shows changes average mortgage balances by age group, with the larger
declines in 2020 among people aged 50 and older compared to people aged 18–50. (c) Change in credit card debt balance, by
age and quarter. Source: Experian National Data Sample 2019–20.N = 2.5M. The figure shows changes average credit card balances
by age group, with the larger declines in 2020 among people aged 50 and older compared to people aged 18–50.
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Table 2 shows average total household debt levels as of Q4-2019 and the change from Q4-2019 to
Q4-2020, by key covariates within each age group. For example, the under 50 group began with
$153,927 in total household debt and experienced an increase by the end of Q4-2020 of $7,152.
The 72 and older group began with $77,710 and experienced a decrease in debt of $291.
Single-adult households on average experienced pronounced debt increases over the pandemic,
while debt balances decreased on average for households containing three or more adults with credit
reports. This relationship between debt growth and household size appears at every age. In addition,
households that gain a member see an increase in debt of almost $60,000 or more, and those that lose
a member see a drop in debt of $55,000 or more, for all age groups. This is in part mechanical, as we
track debt at the household level at each wave, and departing members take their debt with them.
Women and men show similar debt changes over the year for all age groups, with men reducing
debt by a small amount more in three of the older age groups.

By income quartile, debt balances decline over the pandemic on average only for the fourth income
quartile and increase for lower-income quartiles. This is true at all ages. The decline in debt for
younger people in the higher-income quartile is, however, quite modest, while the decline for older
people in the higher-income quartile is on the order of $10,000.

Debt balances decline for those who had DTI ratios of 30% or more in Q4-2019, regardless of age
group. It is the moderate debt of the young and old which differs meaningfully, as young people with
moderate debt loads (1–29%) increased their debt and older people with moderate debt loads
decreased their debt during 2020. Debt changes are negative for mortgage holders and positive for
non-mortgage holders across all age groups, and the divergence here is large.

Table 2. Total household debt by age: Q4-2019 balances and balance changes for Q4-2019 to Q4-2020

Under 50 50–61 62–66 67–71 72+

2019 Δ 2019 Δ 2019 Δ 2019 Δ 2019 Δ

All 153,927 7,152 151,773 −1,226 120,812 −3,618 101,745 −2,612 77,710 −291
HH size 1 50,887 37,332 57,564 18,420 44,473 14,117 38,396 13,653 18,368 12,583
HH size 2 157,719 15,776 132,180 3,492 97,207 1,199 80,667 562 49,377 3,396
HH size 3+ 186,768 −9,874 198,319 −11,378 177,700 −16,201 160,844 −15,185 136,229 −10,561
HH decrease 182,833 −55,548 207,509 −60,825 196,457 −68,933 176,287 −66,147 142,340 −55,007
HH increase 119,445 72,929 147,935 58,927 120,592 67,263 108,617 70,352 81,831 66,102
HH no change 155,999 5,686 138,162 −1,624 105,021 −3,711 87,804 −3,607 66,495 −2,483
Men 155,910 7,213 157,112 −1,691 125,302 −3,016 106,148 −2,822 81,415 −1,100
Women 157,360 7,305 147,384 −676 115,254 −3,987 96,469 −2,373 73,139 532
Income p25 87,842 6,569 65,677 4,413 63,232 3,880 58,087 6,585 57,045 872
Income p25–50 121,052 9,383 92,813 5,717 86,198 1,787 78,668 1,248 73,536 2,382
Income p50–75 169,807 14,027 126,200 2,269 93,189 −281 78,308 −148 63,548 1,612
Income p75+ 326,272 −2,588 249,764 −10,948 180,185 −11,617 146,681 −9,270 109,390 −6,594
No DTI 114,216 10,057 64,740 6,689 49,990 3,715 42,706 3,322 40,821 3,369
DTI 1–29 155,735 9,068 153,329 −1,536 125,577 −4,417 109,729 −4,931 89,793 −3,455
DTI 30+ 277,869 −2,924 308,668 −9,858 302,608 −17,034 279,520 −6,738 295,922 −19,659
No mortgage 32,733 36,365 28,005 22,709 22,073 15,937 18,546 12,732 12,320 11,619
Has mortgage 288,536 −25,295 261,970 −22,536 232,863 −25,810 217,528 −23,966 213,493 −25,020
<580 88,140 4,279 85,081 2,973 87,545 797 83,282 2,177 80,443 1,782
580–669 125,568 7,503 122,123 1,932 106,225 −1,083 94,555 1,092 82,369 1,412
670–739 166,430 10,223 164,755 2,837 132,278 −10 118,808 −1,142 92,376 865
740–799 190,818 12,356 165,142 710 119,324 −1,821 94,484 −1,144 64,635 1,033
800+ 268,269 −2,008 189,573 −10,090 131,753 −8,872 105,473 −6,597 74,377 −3,917
No credit score 49,017 4,483 47,578 6,522 44,902 −22 47,314 15,460 79,999 8,946
Maj Black zip 119,551 1,046 133,585 −9,748 118,430 −10,300 104,646 −6,121 75,800 −3,582
Maj Hisp zip 117,750 8,444 122,932 4,964 113,414 −209 98,685 369 77,443 1,837
Maj White zip 160,680 7,285 154,544 −1,535 118,852 −3,608 99,696 −2,657 75,889 −197
Obs. 1,256,634 1,256,634 504,509 504,509 212,881 212,881 148,973 148,973 394,181 394,181

Note: Δ is the change in balance Q4-2019 to Q4-2020. Mean values.
Source: Experian National Data Sample 2019–20.
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All age groups show some increase in debt for the lowest credit score group, those with
VantageScore credit scores under 580. But people with middle-level credit scores among the under
50 age group increase their debt substantially over the pandemic year, while older people with similar
credit scores in many cases show decreasing or relatively flat balances. High scorers of all age groups
decreased their debt, on average, with the 50- to 61-year-old group with good credit decreasing average
debt by $10,090.

The pattern of debt change by neighborhood race and ethnicity characteristics is similar for the old
and the young, in that debt increases were the smallest (or decreases the largest) in zip codes in which
a majority of residents identify as Black, increases were the largest (or smallest decreases) in zip codes
in which a majority of residents identify as Hispanic, and in between these two poles for zip codes in
which a majority of residents identify as White. However, mean debt levels rise in all three of these
neighborhood race/ethnicity categories for residents under 50, while debt levels decline for residents
of majority Black and majority White neighborhoods for each of the older age groups.

Given the marked declines in debt for the older, higher credit score, higher income, and mortgage
holding subgroups, the picture that emerges from Table 2 is one of declining pandemic-era debt
among the older and economically advantaged, and rising debt for most others. At the same time,
residents of majority Black neighborhoods and people with substantial pre-pandemic debt relative
to income also show steep balance declines.

Table 3 summarizes average changes in key credit outcomes by age group from Q4-2019 to
Q4-2020, before and during the pandemic. The first row (ΔTotal Balance) repeats the estimates
from Table 2, adding the standard deviation for each mean estimate. The rows below, however,
offer more details on the composition of total debt. Mortgage balances appear to be a large share
of the changes in the average total debt, increasing for younger households (50 and under) and
decreasing or close to no change for older households. Credit card balances, the form of debt we
might expect to be used for goods and services on a regular basis, show declines for all age groups.
This likely reflects the general decline in consumption during 2020.

Table 3 also shows an increase in the rate at which people were involuntarily restricted in their bor-
rowing as lenders lowered credit limits or closed accounts, with the rate of limit decreases meaningfully
higher for those aged 50–71. The share experiencing cuts or closures increased by more than 5 percentage

Table 3. Changes in credit outcomes by age: Q4-2019 to Q4-2020

Under 50 50–61 62–66 67–71 72+

2019–12 total balance 153,927 151,773 120,812 101,745 77,710
ΔQ4-2019 to Q4-2020 7,152 −1,226 −3,618 −2,612 −291

2019–12 mortgage balance 108,515 110,114 87,306 73,609 56,871
ΔQ4-2019 to Q4-2020 5,226 −1,154 −2,463 −1,416 89

2019–12 Cr card balance 9,419 10,786 9,533 8,429 6,617
ΔQ4-2019 to Q4-2020 −1,359 −1,647 −1,577 −1,304 −942

2019–12 limit decrease % 0.238 0.327 0.340 0.341 0.274
ΔQ4-2019 to Q4-2020 0.040 0.052 0.053 0.055 0.028

2019–12 AFS inquiry % 0.057 0.036 0.021 0.014 0.006
ΔQ4-2019 to Q4-2020 −0.013 −0.011 −0.006 −0.005 −0.002

2019–12 60+ late % 0.060 0.041 0.026 0.021 0.013
ΔQ4-2019 to Q4-2020 −0.023 −0.014 −0.007 −0.005 −0.003

Accommodations-CC %
As of 2020–12 0.298 0.160 0.093 0.063 0.028

Accommodations-CC-Stu %
As of 2020–12 0.082 0.089 0.061 0.046 0.022
Obs. 1,256,634 504,509 212,881 148,973 394,181

Δ is the difference between Q4-2020 and Q4-2019 levels in whole 2020 dollars, except for AFS which is Q3 differences. 60+ late is the rate of 60
days or more late payments. Accommodation is a payment reduction or deferral in place in 2020, excluding credit cards (−CC), and then
excluding credit cards and student loans (−Stu). Accommodations were not reported before 2020. Mean values. Standard deviation in
parentheses (SD).
Source: Experian National Data Sample 2019–20.
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points, or roughly 15%, for adults aged 50–71 between Q4-2019 and Q4-2020. There does not appear
to be an increase in high-cost AFS lending, however. The ΔAFS Inquiry measure is negative or
unchanged for all age groups. Likewise, 60-day late payments also declined for all age groups.
Accommodations are present for people in all age groups, however, and especially for people 50
and under and when including student loans. Even excluding student loans, nearly 9% of people
aged 50–61 – the so-called ‘prime’ working ages when people save for retirement – are benefiting
from payment holidays or extensions. While payment accommodations prevent a person from
being delinquent on debt payments, such accommodations lead to otherwise higher debt balances
than would be observed if the individual made regular monthly payments.

We next shift to the estimates from the specifications described in equation (1). Table 4 reports the
focal estimates from the panel regression specifications. These are essentially conditional means of
credit outcomes by age group, holding constant general lifecycle trends and other factors that are asso-
ciated with debt levels and repayment outcomes (see Table A1 for all covariate estimates). Like the
summary statistics in Table 2, older people show reductions in debt levels during the 2020 pandemic
(Q2, Q3, and Q4). While adults under age 50 had substantial increases in debt during the pandemic,
adults aged 62 and older experienced a significant decrease in total debt during the pandemic in 2020.
These estimates show an increase in total debt for the pandemic dummy but decreases in debt by
quarter for the pandemic by age interactions.9

A large portion of the change in total debt is comprised of changes in mortgage debt, mirroring the
pattern for total debt. Increases in mortgage debt during the pandemic can occur because of a reduced
rate of debt repayment (including payment accommodations which expanded during the pandemic)
or because of expanded mortgage borrowing, such as through the refinance or purchase of a home,
especially given the generally low loan interest rates in 2020. Younger age groups are more likely to
purchase or refinance mortgages in any quarter regardless of the pandemic. While all age groups
took out more mortgages in 2020 than 2019; borrowing rates increased more for younger house-
holds.10 Looking back at pandemic-related accommodations in Table 3, younger adults are much

Table 4. Panel regression estimates, all age groups, pandemic by age interactions

Total debt Mortgage debt Credit CARD Debt Late 60+ days

50–61 −18,518.7*** (211.9) −14,411.9*** (191.7) −2.455 (17.82) −0.0019*** (0.0002)
62–66 −31,617.0*** (256.4) −24,717.5*** (231.5) −204.6*** (22.26) −0.0029*** (0.0002)
67–71 −39,501.1*** (269.0) −30,340.2*** (243.1) −524.7*** (23.36) −0.000007 (0.0003)
72+ −44,807.9*** (249.9) −33,166.5*** (225.4) −1,003.6*** (21.57) 0.0075*** (0.0002)
Pandemic = 1 7,686.0*** (89.40) 5,397.4*** (81.07) −965.1*** (6.546) −0.0207*** (0.0002)
50–61 # Pandemic = 1 −6,903.5*** (144.1) −5,119.3*** (129.9) −269.9*** (11.63) 0.0091*** (0.0003)
62–66 # Pandemic = 1 −8,120.0*** (185.8) −5,595.0*** (166.7) −181.8*** (15.42) 0.0146*** (0.0003)
67–71 # Pandemic = 1 −8,602.8*** (201.3) −5,856.3*** (179.6) −24.63 (16.87) 0.0157*** (0.0003)
72+ # Pandemic = 1 −8,057.9*** (133.8) −5,378.9*** (120.7) 149.4*** (10.74) 0.0185*** (0.0002)
Constant −24,454.5*** (579.2) −15,243.1*** (519.4) −4,878.7*** (43.56) 0.168*** (0.0005)
Individual controls Y Y Y Y
ZIP race share Y Y Y Y
Quarter fixed effects Y Y Y Y
Observations 19,748,192 19,748,192 19,748,192 19,748,192

Note: standard errors in parentheses; *p < 0.05; **p < 0.01; ***p < 0.001.
Source: Experian National Data Sample 2019–20. Quarterly data Q1-2019 to Q4-2020. Pandemic defined as Q2, Q3, and Q4-2020. Under aged
50 omitted/constant. Individual controls include household size and type/gender, change in household size income quartile, credit score
category (580–669, 670–739, 740–799, 800+, missing), mortgage holder dummy, and debt to income ratio category (1–29, 30+, missing). ZIP
code controls include Maj Black, Maj Latino, Maj White.

9Of course, the conditional mean of the amount of debt for a given age group could be estimated by combining pandemic
dummy coefficient and the interaction coefficients. The constant includes the omitted age group and the pre-pandemic per-
iod. The patterns are consistent with the summary statistics given in Table 2.

10Pre-pandemic, 1.6% of people under 50 had a new mortgage line or refinance in a quarter. Post-pandemic it was 2.7%. In
total, 1.4% of people aged 62–66 had a new mortgage line or refinance in a quarter pre-pandemic, and 2.1% post.
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more likely to have loans placed in payment accommodations or forbearance during the COVID per-
iod than older adults, which may also contribute to this pattern.

Regarding credit card debt (Table 4), all age groups show reductions in debt levels in the pandemic
period, with the largest reductions for those aged 50–61 and the smallest for the oldest adults (aged 72+).
These trends reflect the net effects of reduced consumption through credit cards and changes in credit
card repayment during the pandemic – although we cannot isolate which effect dominates. Finally,
Table 4 shows an age gradient in pandemic-related changes in delinquency on debt payments, with
younger adults experiencing the greatest decline in delinquency during the pandemic quarters – an effect
that diminishes monotonically with age. Figure 2 provides descriptive evidence that much of the decline
in delinquency on debt payments is likely due to an increase in payment accommodations during the

Fig. 2. 60-Day delinquency and payment accommodation rates by age and quarter. Source: Experian National Data Sample 2019–20.
N = 2.5M. The figure shows delinquency (left Y axis) and payment accommodations (right Y axis) rates for people aged 18–50 compared
to those aged 50 and older. As the pandemic begins in 2020, the delinquency rate declines for all people, but more for those under 50,
who also have higher accommodations rates, peaking at nearly one in three borrowers.

Table 5. Panel regression estimates, age × pandemic interactions, age 50+

Total debt Mortgage debt Credit card debt Late 60+ days

62–66 −7,078.1*** (229.7) −5,385.9*** (208.2) −169.0*** (20.14) 0.0001 (0.0002)
67–71 −12,532.1*** (268.3) −9,081.1*** (243.3) −340.9*** (23.30) 0.0027*** (0.0002)
72+ −16,681.1*** (269.6) −11,259.1*** (244.9) −520.2*** (23.33) 0.0083*** (0.0002)
Income p25–50 7,451.2*** (324.2) −634.5* (278.8) 1,649.5*** (30.54) 0.0093*** (0.0005)
Income p50–75 21,617.6*** (386.7) 4,349.0*** (334.7) 5,540.9*** (39.02) 0.0112*** (0.0005)
Income p75–100 93,968.0*** (487.3) 62,865.7*** (430.9) 11,694.8*** (49.55) 0.00895*** (0.0005)
Pandemic = 1 4,658.0*** (168.5) 2,692.3*** (141.7) −416.0*** (13.12) −0.0226*** (0.0006)
Income p25–50 # Pandemic = 1 −874.5*** (210.2) −29.41 (178.8) −167.4*** (16.55) 0.0130*** (0.0006)
Income p50–75 # Pandemic = 1 −3,082.5*** (194.7) −1,068.4*** (166.1) −462.4*** (15.84) 0.0186*** (0.0006)
Income p75–100 # Pandemic = 1 −12,460.0*** (215.1) −8,554.5*** (188.1) −1,386.7*** (17.33) 0.0210*** (0.0006)
Constant −39,999.4*** (854.7) −24,512.4*** (763.7) −5,948.4*** (66.70) 0.160*** (0.0008)
Individual controls Y Y Y Y
ZIP race share Y Y Y Y
Quarter fixed effects Y Y Y Y
Observations 10,030,774 10,030,774 10,030,774 10,030,774

Note: Standard errors in parentheses; *p < 0.05; **p < 0.01; ***p < 0.001.
Source: Experian National Data Sample 2019–20. Quarterly data Q1-2019 to Q4-2020. Pandemic defined as Q2, Q3, and Q4-2020. Under aged
50 omitted as constants. Individual controls include household size and type/gender, change in household size, credit score category
(580–669, 670–739, 740–799, 800+, missing), mortgage holder dummy, and debt to income ratio category (1–29, 30+, missing) . ZIP code
controls include Maj Black , Maj Latino, Maj White.
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pandemic quarters. For both older and younger adults, rates of payment accommodations increase as
rates of delinquency drop, beginning in the second quarter of 2020.

The estimates in Table 5 are restricted to adults aged 50 and older (see Table A2 for all covariate
estimates). The results show stark differences by income in pandemic-era changes in total debt
levels and mortgage debt levels. The highest income quartile of older adults reduced their total
debt and mortgage amounts, while older adults in the lowest income quartile increased total
debt and mortgage debt. While credit card debt declined for older adults in all income quartiles
in the pandemic, credit card debt decreased more for older adults in the highest income quartile.
Table 5 also shows divergent trends in debt payment delinquency during the pandemic. These
results largely mirror the descriptive trends by income reported in Table 2, but the panel regression
estimates are conditional on demographic and other factors, suggesting patterns by age that are not
driven by lifecycle trends.

4. Conclusion

This study investigated changes in debt levels and credit outcomes of older adults in the United States
following the onset of the COVID-19 pandemic. On average, older adults appear to have reduced debt
during the first three quarters of the pandemic in 2020, relative to debt levels in 2019. This overall
reduction in debt presumably resulted, in some combination, from lost consumption opportunities
that arose because of the pandemic and from the massive and unprecedented stimulus program
mounted by the government. The $1.7 trillion CARES Act provided Economic Impact Payments of
$1,200 per adult and $500 per child, expanded unemployment insurance benefits of $600 per week,
eased unemployment benefits eligibility, and was followed by a series of extensions of various
unemployment benefits and stimulus payments. Supplemental Nutrition Assistance Program benefits
underwent an emergency expansion, and, of relevance to the older population that is the focus of this
research, the federal government together with some employer retirement plan administrators imple-
mented coronavirus-related retirement account withdrawal and loan relief options.

However, the decline in debt is not uniform. We find significant differences by income, where older
adults in the highest income quartile prior to the pandemic experienced significant and large
pandemic-period reductions in total debt, while older adults in the three lower-income quartiles
experienced pandemic-period increase in total debt. Our panel regression framework indicates that
these changes in debt are not simply a function of lifecycle trends or other factors.

Despite debt levels increasing for lower-income older adults, we observe a significant decrease in
payment delinquencies during the COVID quarters relative to pre-COVID quarters. Our descriptive
results suggest that much of this reduction is due to an increase in payment accommodations during
the same period. Creditors, and in particular mortgage lenders, offered generous temporary payment
holidays after the onset of the COVID (Cherry et al., 2021) and our results indicate that older adults –
and in particular lower-income older adults – benefited from these accommodations, preventing delin-
quencies but leading to higher debt balances than would have otherwise occurred with regular
payments.

On average, people on the cusp of retirement and those already retired weathered the early periods
of the pandemic in 2020 without experiencing significant payment distress or turning to high-cost
AFS. Lower-income and more economically vulnerable populations experienced greater increases in
debt balances and were more likely to receive payment accommodations – and may also struggle
when loan payment accommodations expire. Our results provide important motivation for researchers
and policymakers to closely monitor outcomes for economically vulnerable households who often rely
on Social Security benefits and pensions in older ages.
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Table A1. Panel regression estimates, all age groups, pandemic by age interactions

Total debt Mortgage debt Credit card debt Late 60+ days

50–61 −18,518.7*** (211.9) −14,411.9*** (191.7) −2.455 (17.82) −0.00186*** (0.000212)
62–66 −31,617.0*** (256.4) −24,717.5*** (231.5) −204.6*** (22.26) −0.00293*** (0.000243)
67–71 −39,501.1*** (269.0) −30,340.2*** (243.1) −524.7*** (23.36) −0.00000662 (0.000256)
72+ −44,807.9*** (249.9) −33,166.5*** (225.4) −1,003.6*** (21.57) 0.00750*** (0.000190)
Pandemic = 1 7,686.0*** (89.40) 5,397.4*** (81.07) −965.1*** (6.546) −0.0207*** (0.000169)
50–61 # Pandemic = 1 −6,903.5*** (144.1) −5,119.3*** (129.9) −269.9*** (11.63) 0.00906*** (0.000263)
62–66 # Pandemic = 1 −8,120.0*** (185.8) −5,595.0*** (166.7) −181.8*** (15.42) 0.0146*** (0.000305)
67–71 # Pandemic = 1 −8,602.8*** (201.3) −5,856.3*** (179.6) −24.63 (16.87) 0.0157*** (0.000322)
72+ # Pandemic = 1 −8,057.9*** (133.8) −5,378.9*** (120.7) 149.4*** (10.74) 0.0185*** (0.000210)
Other −11,355.7*** (526.5) −8,460.7*** (467.5) −175.2*** (34.57) 0.00140* (0.000654)
Single F −16,110.9*** (291.2) −12,802.5*** (254.4) −410.2*** (20.51) 0.00200*** (0.000262)
Single M −13,868.7*** (293.3) −10,343.1*** (256.9) −474.3*** (20.96) 0.00149*** (0.000261)
Income p25–50 15,800.4*** (209.5) 6,041.6*** (181.3) 1,594.2*** (18.51) 0.0180*** (0.000258)
Income p50–75 37,609.5*** (273.0) 14,595.9*** (236.7) 5,633.8*** (25.91) 0.0198*** (0.000274)
Income p75–100 12,1952.7*** (378.4) 83,558.6*** (337.6) 11,361.7*** (34.72) 0.0184*** (0.000290)
Credit score 580–669 10,521.3*** (216.8) 11,286.9*** (184.1) 1,973.5*** (19.72) −0.107*** (0.000366)
Credit score 670–739 14,517.0*** (274.5) 19,891.7*** (235.6) 2,409.9*** (25.43) −0.169*** (0.000410)
Credit score 740–799 6,128.5*** (338.7) 26,948.5*** (296.6) −1,113.6*** (30.60) −0.189*** (0.000444)
Credit score 800+ −28,470.8*** (404.0) 9,695.2*** (360.3) −7,449.9*** (34.19) −0.191*** (0.000458)
Credit score missing −7,486.7*** (1,142.3) −2,180.8* (964.9) −183.0* (89.10) −0.0518*** (0.00216)
Any mortgage = 1 14,2541.3*** (193.4) 13,6138.4*** (171.7) 2,632.1*** (16.52) −0.00229*** (0.000147)
Maj Black zip −28,538.9*** (474.0) −33,637.6*** (429.8) −709.3*** (37.71) 0.00592*** (0.000436)
Maj Latino zip −33,019.3*** (450.3) −30,536.3*** (415.1) −1,410.7*** (34.47) 0.000377 (0.000342)
Maj White zip −22,887.4*** (401.1) −24,960.2*** (373.0) −127.6*** (28.82) −0.00199*** (0.000257)
Household size 24,125.5*** (108.5) 12,977.1*** (94.37) 2,457.7*** (8.461) 0.000413*** (0.0000604)
Change in HHLD size 33,957.7*** (136.5) 21,552.7*** (115.3) 2,451.4*** (10.04) −0.00000823 (0.0000804)
DTI 1–29 19,496.2*** (263.9) 5,131.2*** (238.9) 2,723.0*** (19.18) 0.0120*** (0.000135)
DTI 30+ 91,434.4*** (484.4) 56,743.3*** (444.3) 6,273.7*** (41.23) 0.0413*** (0.000374)
DTI missing 17,417.9*** (320.4) 21,539.5*** (286.1) −104.7*** (25.04) −0.0973*** (0.000269)
Quarter = 2 −1,415.9*** (39.53) −946.7*** (36.00) 197.2*** (3.086) −0.00111*** (0.0000988)
Quarter = 3 4.214 (41.32) −260.1*** (37.59) 166.3*** (3.261) −0.00143*** (0.000110)
Quarter = 4 1,473.0*** (40.58) 461.5*** (36.96) 429.1*** (3.200) 0.000654*** (0.000105)
Constant −24,454.5*** (579.2) −15,243.1*** (519.4) −4,878.7*** (43.56) 0.168*** (0.000489)
Observations 19,748,192 19,748,192 19,748,192 19,748,192

Notes: Standard errors in parentheses; *p < 0.05; **p < 0.01; ***p < 0.001.
Source: Experian National Data Sample 2019–20.
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Table A2. Panel regression estimates, age × pandemic interactions, age 50+

Total debt Mortgage debt Credit card debt Late 60+ days

62–66 −7,078.1*** (229.7) −5,385.9*** (208.2) −169.0*** (20.14) 0.000134 (0.000219)
67–71 −12,532.1*** (268.3) −9,081.1*** (243.3) −340.9*** (23.30) 0.00273*** (0.000233)
72+ −16,681.1*** (269.6) −11,259.1*** (244.9) −520.2*** (23.33) 0.00831*** (0.000188)
Income p25–50 7,451.2*** (324.2) −634.5* (278.8) 1,649.5*** (30.54) 0.00925*** (0.000530)
Income p50–75 21,617.6*** (386.7) 4,349.0*** (334.7) 5,540.9*** (39.02) 0.0112*** (0.000534)
Income p75–100 93,968.0*** (487.3) 62,865.7*** (430.9) 11,694.8*** (49.55) 0.00895*** (0.000547)
Pandemic = 1 4,658.0*** (168.5) 2,692.3*** (141.7) −416.0*** (13.12) −0.0226*** (0.000562)
Income p25–50 # Pandemic = 1 −874.5*** (210.2) −29.41 (178.8) −167.4*** (16.55) 0.0130*** (0.000613)
Income p50–75 # Pandemic = 1 −3,082.5*** (194.7) −1,068.4*** (166.1) −462.4*** (15.84) 0.0186*** (0.000577)
Income p75–100 # Pandemic = 1 −12,460.0*** (215.1) −8,554.5*** (188.1) −1,386.7*** (17.33) 0.0210*** (0.000567)
Other −7,933.9*** (1,046.1) −7,223.3*** (936.7) −340.8*** (72.65) 0.00110 (0.00103)
Single F −6,030.2*** (429.7) −5,796.3*** (371.7) −199.2*** (31.56) 0.00157*** (0.000302)
Single M −5,175.1*** (459.0) −5,477.1*** (398.6) −357.9*** (34.17) 0.00104** (0.000320)
Credit score 580–669 7,471.1*** (367.7) 7,475.3*** (311.9) 2,287.4*** (33.26) −0.0969*** (0.000659)
Credit score 670–739 10,075.2*** (453.1) 14,211.7*** (389.3) 2,809.4*** (42.75) −0.153*** (0.000734)
Credit score 740–799 3,726.9*** (518.9) 18,931.8*** (451.7) −281.1*** (49.10) −0.176*** (0.000780)
Credit score 800+ −28,493.3*** (557.0) 1,904.6*** (490.4) −6,732.9*** (50.53) −0.178*** (0.000791)
Credit score missing 2,311.8 (1,879.5) 3,133.6* (1,568.4) 1,073.8*** (149.7) −0.0687*** (0.00305)
Any mortgage = 1 13,7309.9*** (261.5) 13,1121.9*** (234.6) 2,347.3*** (23.19) 0.000207 (0.000176)
Maj Black zip −31,048.9*** (687.4) −35,358.4*** (628.7) −631.8*** (57.76) 0.00384*** (0.000562)
Maj Latino zip −30,241.9*** (672.6) −29,279.3*** (622.8) −1,273.3*** (54.22) −0.000502 (0.000453)
Maj White zip −24,687.3*** (586.9) −25,773.9*** (548.3) −176.9*** (44.52) −0.00125*** (0.000337)
Household size 27,313.2*** (168.2) 15,525.8*** (146.0) 2,467.0*** (13.11) 0.000671*** (0.0000774)
Change in HHLD size 36,448.5*** (236.8) 23,483.0*** (194.9) 2,562.3*** (17.68) 0.000432*** (0.000111)
DTI 1–29 15,769.5*** (298.2) 3,042.5*** (268.7) 3,138.8*** (23.88) 0.00847*** (0.000147)
DTI 30+ 1,15,295.1*** (763.2) 75,092.2*** (706.3) 8,892.7*** (69.37) 0.0352*** (0.000567)
DTI missing 17,976.4*** (414.7) 22,992.8*** (369.5) −521.7*** (35.59) −0.0807*** (0.000362)
Quarter = 2 0.236 (49.65) 142.4** (45.14) 244.3*** (4.200) −0.000328** (0.000110)
Quarter = 3 104.8* (51.71) −151.4** (46.92) 166.8*** (4.421) −0.00134*** (0.000122)
Quarter = 4 399.1*** (50.95) −328.4*** (46.33) 391.0*** (4.347) −0.000539*** (0.000118)
Constant −39,999.4*** (854.7) −24,512.4*** (763.7) −5,948.4*** (66.70) 0.160*** (0.000803)
Observations 10,030,774 10,030,774 10,030,774 10,030,774

Notes: Standard errors in parentheses; *p < 0.05; **p < 0.01; ***p < 0.001.
Source: Experian National Data Sample 2019–20.
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